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Data Set Input Output
(1)PPDB medicinal products drugs
(2)SemEval2013 <small spot, flect> True
<male kangaroo, point> False
(3) Turney2012 monosyllabic word monosyllable, hyalinization, fund, gittern, killer
(4)PPDB (ngram) contribution of the european union eu contribution
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TASK-SPEC : #ffdp DEE) B I DM DIEERDF]
Fine-tuning | MRR
Model Objective Word Emb | @ 10k
O SUM - - 41.19
A;fﬁ%gg SUM TASK-SPEC Y 45.01
(IBZ=FET » WSum TASK-SPEC Y 45.43
RMHENRNT MLz RNN 50 TASK-SPEC N 37.81
FAURWFZE) | RNN 50 TASK-SPEC Y 39.25
RNN 200 TASK-SPEC N 41.13
RNN 200 TASK-SPEC Y 40.50
FCT TASK-SPEC N 41.96
FCT TASK-SPEC Y 46.99
IREZTFE - | FCT LM Y 42.63
FCT-P TASK-SPEC+LM Y 49.44
FCT-J TASK-SPEC+LM joint 51.65




Turney2012,

SemEval2013

Fine-tuning SemEval2013 Turney2012

Model Objective Word Emb Test Acc (5) | Acc (10) | MRR @ 10k
SUM - - 65.46 39.58 19.79 12.00
SUM TASK-SPEC Y 67.93 48.15 24.07 14.32
Weighted Sum TASK-SPEC Y 69.51 52.55 26.16 14.74
RNN (d=50) TASK-SPEC N 67.20 39.64 25.35 1.39
RNN (d=50) TASK-SPEC Y 70.36 41.96 27.20 1.46
RNN (d=200) TASK-SPEC N 71.50 40.95 27.20 3.89
RNN (d=200) TASK-SPEC Y 72.22 42.84 29.98 4.03
Dual Space! - - 52.47 27.55 16.36 2.22
Dual Space? - - - 58.3 41.5 -
RAE auto-encoder - 51.75 22.99 14.81 0.16
FCT C M2 D& TASK-SPEC N 68.84 41.90 33.80 8.50
FCT 50,87t E| TASK-SPEC Y 70.36 52.31 38.66 13.19
FCT LM - 67.22 42.59 27.55 14.07
FCT-P TASK-SPEC+LM Y 70.64 53.09 39.12 14.17
FCT-J TASK-SPEC+LM joint 70.65 53.31 39.12 14.25
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Feature Set MRR @ 10k
FCT 79.68
-clus 76.82
-POS 77.67
-Compound 79.40
-Head 77.50
-Distance 78.86
WSum 75.37
SUM 74.30
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perplexity

Perplexity (HS training) NCE loss (NCE training)
Model Subset Train | Dev Test | Subset Train | Dev Test
SUM (2 epochs) 7.620 7.577 | 7.500 2.312 2.226 | 2.061
word2vec (2 epochs) 7.103 7.074 | 7.052 2.274 2.195 | 2.025
FCT (random init, 2 epochs) 6.753 6.628 | 6.713 1.879 1.722 | 1.659
FCT (with pre-training, 1 epochs) 6.641 6.540 | 6.552 1.816 1.691 | 1.620

» IREFE(Eper Iexﬁy lossMELDT I L —XD
/\0 ) |/73\’:D Lun@%lﬂl NR<CHETND
C PEB L ZEEET Sh RN EDS
BEMENGD D, NFEREEEHVI USER]
— herbal medlcal product cures(C DUYC
— skip-gram : medical D/EZINEEE
— 12X FE : medical productDJEINEE

=101
O




